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Motivations and contributions

e Shared task conferences (CLEF, NTCIR, TREC)

archive experimental artifacts, i.e., run files

e Runs are a valuable resource for baselines and meta-
evaluations but the data does not provide context

e Annotating run files with metadata information faci-
litates better comparability, transparency, and re-
producibility

As a solution, we contribute:

e Metadata schema based on the PRIMAD taxonomy
e Software support by repro_eval

¢ Open-access dataset

e Meta-evaluations / reproducibility studies

Metadata schema and annotations

e The schema is based on PRIMAD, intended to be ex-

Software support

Currently, the software supports ...

o ... the metadata I/0 handling and automatic anno-
tations of some components. The MetadataHandler
can fetch information about the underlying platform
and the implementation automatically.

e ... the analysis of runs with metadata annotations.
The MetadataAnalyzer analyzes a directory that
contains run files, and afterward, the PrimadExperi-
ment evaluates the runs (examples are shown by the
meta-evaluations).

All of the software features are added to repro_eval,
which is a toolkit for reproducibility experiments. A
Google Colab notebook exemplifies how the software
and metadata can be used in your own implementations.

Dataset

We provide an annotated dataset that contains 463 run

e.lastname@th-koeln.de

Meta-evaluations

We group the annotated runs into three categories
based on how the reimplementations relate to the
original runs in terms of PRIMAD. For instance, in
the first experiment, we have just modified the method
while keeping all of the other components fixed. In the
second experiment, we varied all of the PRIMAD com-
ponets except for the data. And finally, in the third
experiment, we varied all of the PRIMAD components.

PRIM’AD: Parameter sweeps
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P’R’T"M’A’D: Reproducibility analysis
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